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Prediction of precipitation in Lanzhou region based on WOA-BP neural network
CHEN Yanhui, WEI Linjing

(College of Information Science and Technology, Gansu Agricultural University, Lanzhou 730070, China)

Abstract ; Precipitation is not only important for agricultural production, but also is closely related to people’s daily lives. Based on
the precipitation data of Lanzhou from 1951 to 2022, this paper uses the Whale Optimization Algorithm to improve the BP neural
network model, predicts the precipitation of Lanzhou, calculates the model evaluation indexes MAE and MSE, and compares them
with the evaluation indexes of BP neural network model. The research show that the results of the WOA-BP neural network model
is more accurate than the unoptimized BP neural network model, and is more suitable for the prediction of precipitation in Lanzhou.
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