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Progress in anterior cruciate ligament injury based on deep learning
GAO Xing

(School of Health Science and Engineering, University of Shanghai for Science and Technology, Shanghai 200093, China)

Abstract: The transformative impact of Artificial Intelligence ( AI) and Deep Learning (DL) in the medical field is due to rapid
advances in data aggregation and deep learning algorithms. With the widespread application of Al in the healthcare field, it has made
a significant academic impact in various aspects of orthopedic surgery. The review focuses on exploring the comprehensive clinical
relevant literature based on Al tools, before, during and after Anterior Cruciate Ligament ( ACL) reconstruction surgery, the current
application and future prospects of Al in preoperative management, including risk prediction, diagnosis, and postoperative care and
rehabilitation, are outlined. In addition, the application of Al tools in educational and training settings is introduced. With the
exponential growth in the number of Al tool studies applied to ACL injury therapy, it is expected to have a profound impact in future
clinical practice, which has gradually been widely valued by orthopedist, and the results of the discussion further confirm this trend.
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