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Audit work—intensive text retrieval based on a pre-trained language model
ZHAO Liang', YAO Xin®, ZHU Hong', LU Donghui*, KONG Feifei', WANG Guotao®

(1 China Mobile Group Heilongjiang Company Limited, Harbin 150000, China;
2 College of Electronic Engineering, Heilongjiang University, Harbin 150080, China)

Abstract: As a supervisory mechanism, audit work holds significant responsibility within enterprises. However, traditional manual
auditing is time—consuming and labor-intensive, posing limitations on auditing efficiency. To address these challenges, this paper
introduces a dense text retrieval method that integrates contrastive learning and self-attention mechanisms, aimed at providing more
efficient and intelligent support for audit tasks. Leveraging the BERT pre—trained language model, the paper encodes audit text
semantically and enhances the model’s discriminative capacity through contrastive learning, enabling more precise identification of
clauses relevant to user queries. Additionally, the integration of self—attention enables the model to focus on key elements within
audit content, thereby optimizing retrieval performance. This approach markedly improves the model’s precision and adaptability in
complex audit contexts, offering a high—efficiency solution for intelligent auditing of enterprises.
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Fig. 1 Overall framework
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Fig. 5 Text retrieval results of different models on the datasets
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1. begin:
2. v = vector(q)
3. for item in databases do

item_v = index(item)

score = relative (v, item_v)

rank ( scores , para)

result = extract( scores, para , topk )

4
5
6. scores. add ( score) , para. add(item)
7
8
9.

End
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