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Visual SLAM algorithm based on YOLO feature point selection
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Abstract: This paper proposes a visual SLAM algorithm based on YOLO feature point filtering to address the low localization
accuracy of traditional visual SLAM algorithms in dynamic environments. Building upon ORB-SLAM?2, the algorithm incorporates
Lucas—Kanade optical flow and YOLO object detection algorithms to filter feature points of dynamic objects, thereby enhancing the
algorithm’s performance in dynamic scenes. Experimental results demonstrate that the improved algorithm significantly increases the
Root Mean Square Error (RMSE) of absolute trajectory in high dynamic environments, with an average improvement rate exceeding
60.01%.
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Fig. 2 Schematic diagram of dynamic target obstruction
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Fig. 5 Diagrams of dynamic target detection results
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Table 1 Comparison of absolute trajectory error results
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Fig. 7 Diagram of dynamic feature point filtering comparison
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