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Design and implementation of target tracking system
based on pedestrian re—identification

SUN Wen, ZHAO Zuoxu, TAN Lingfan, WANG Yuan, ZHANG lJianshu

('School of Computer Engineering, Nanjing Institute of Technology, Nanjing 211167, China)

Abstract; This paper designs a pedestrian detection system based on pedestrian re —identification, which mainly uses YOLO
algorithm to detect and track pedestrian targets. The system uses 3D reconstruction technology to convert 2D trajectory into 3D
form, and realizes real —time monitoring and trajectory display through Web interface. The system shows good performance in
pedestrian detection and tracking, and is suitable for the scene with large pedestrian flow and complex environment. By detecting
pedestrian features and mapping them in three dimensions, the system can intuitively display pedestrian trajectories in the scene.
Resource monitoring ensures normal system running and saves historical data for analysis. The system has the advantages of real—
time, convenience and high efficiency, and has broad application prospects in the field of pedestrian detection and tracking.
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Fig. 1 Detect objects
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Fig. 2 Extracted target
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Fig. 3 Find targets by comparing features
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Fig. 4 Architecture of target tracking system
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Fig. 5 Main interface of the system
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Fig. 7 Resource monitoring interface
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